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J. HASTAD, S. KHOT

1 Introduction

The celebrated PCP Theorem ([2], [1]) gives a way of writing proofs for (purported) NP statements
such that the proofs can be checked very efficiently by a probabilistic verifier. The verifier needs a very
limited amount of random bits and reads only a constant number of bits from the proof. Moreover, a
correct statement always has a proof that is accepted with probability 1 (or close to 1) and any proof of
an incorrect statement is accepted only with a tiny probability (called error probability or soundness).

PCPs have surprising connections, first discovered by Feige et al. [5], to inapproximability results,
i.e., results showing that computing even approximate solutions to some NP-complete problems is hard.
The discovery of the PCP Theorem opened up a whole new fascinating direction for proving various
inapproximability results. In the last decade or so, quantitative improvement in the efficiency of PCP
verifiers has led to (in many cases optimal) inapproximability results for many optimization problems
([3], [4], [14], [13], [12], [6]). For different applications, different aspects of the given PCP need to be
optimized. For a detailed discussion of various parameters we refer to [3].

In the current paper we are mostly concerned with making efficient use of queries, i.e., to obtain very
strong PCPs where the verifier reads very few symbols in the proof. More specifically, we are interested
in the trade-off between the number of queries and the error probability.

Samorodnitsky and Trevisan [12] obtained very strong results along these lines, giving a PCP where
the verifier reads 2k + k2 bits, almost always accepts a correct proof of a correct statement and accepts
a proof of an incorrect statement with probability only marginally larger than 2. This is a very
impressive result in that each read bit essentially decreases the probability of being fooled by a factor of
2. Their verifier achieves amortized query complexity of 1+ 6 for any & > 0 which is optimal (see [3]).
The amortized query complexity, when we (almost) always accept a correct proof, is formally defined
as the ratio between the number of queries (2k + k2 in this case) and the logarithm of inverse of the error
probability (k% in this case).

The fact that the verifier sometimes rejects a correct proof of a correct statement is called imperfect
completeness and in their construction Samorodnitsky and Trevisan make essential use of this property
of the verifier. For many reasons it is preferable to have perfect completeness. Firstly, it is natural to
have a proof system where a correct proof of a correct statement is always accepted. Secondly, perfect
completeness is sometimes essential to obtain further results. Some inapproximability results such as
graph coloring sometimes make essential use of perfect completeness and when using a given protocol
as a subprotocol in future protocols, perfect completeness, to say the least, simplifies matters.

Several results in the past have focused on achieving PCPs with perfect completeness and this task
many times turns out to be harder than obtaining corresponding PCPs without this property. For instance,
Hastad shows that 3SAT and 4-Set Splitting are hard to approximate within ratio % + €. These results
follow from the basic 3-bit PCP of [13] establishing hardness for approximating the number of satisfied
linear equations mod 2. To extend these results to satisfiable instances however requires a new PCP
construction and a technically more complicated proof.

The main result of the current paper is to extend the result of Samorodnitsky and Trevisan to include
perfect completeness.

Theorem 1.1. For any integer k > 0 and any € > 0, any language in NP has a PCP verifier that queries
4k + k? bits, has perfect completeness and accepts a proof of an incorrect statement with probability at
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2
most 27K + €.

Our result is based on a basic non-linear test which reads 5 bits (by,b2,b3,ba,bs) from the proof
and accepts if by = by ® b3 @ (bs A bs). We call this constraint Tri-Sum-And and let MAX-TSA be the
problem of satisfying maximum number of such constraints. We have the following theorem.

Theorem 1.2. For any € > 0, it is NP-hard to distinguish satisfiable instances of Max-TSA from those
where it is only possible to simultaneously satisfy a fraction % + € of the constraints.

The choice to study Tri-Sum-And is somewhat arbitrary but guided by our goal to achieve perfect
completeness while keeping the analysis simple. To get perfect completeness we need a nonlinear
predicate while the analysis is greatly aided by having as much linearity as possible present in the
predicate. These two conflicting requirements led to the choice of Tri-Sum-And.

Note that Theorem 1.2 is tight for Max-TSA in that a random assignment satisfies half the con-
straints. There are stronger results for other constraints on 5 bits and in particular Guruswami et al. [7]
give a different predicate for which % can be improved to 17—6.

We then iterate the basic test underlying Theorem 1.1 in a way similar to Samorodnitsky and Trevisan
iterate the basic 3-bit test by Hastad. We present two iterated tests : One which we call the “complete
bipartite graph PCP,” is analyzed in a way analogous to Samorodnitsky-Trevisan and the other, which
we call the “almost disjoint sets PCP,” is analyzed in a way analogous to how Hastad and Wigderson
[15] analyzed the test of Samorodnitsky and Trevisan.

By a standard reduction the PCP results imply the following theorem.

Theorem 1.3. Boolean constraint satisfaction problem on k variables is hard to approximate within
ratio 250V on satisfiable instances.

This should be contrasted with the approximation algorithm by Trevisan [16] that shows that it
is possible to approximate Boolean constraint satisfaction problem on k variables within O(2*/k) on
satisfiable instances.

A test is called non-adaptive if which bits to read are decided before the first bit is read and hence
this set is independent of the actual proof. All the above mentioned PCPs are non-adaptive which is in
fact necessary to obtain Theorem 1.3.

If we allow adaptive tests then by making an iterated version of a test in [7] we can get essentially
the same parameters as Samorodnitsky and Trevisan and thus simply gain perfect completeness.

Theorem 1.4. For any integer k > 0 and any € > 0, any language in NP has an adaptive PCP verifier

that queries 2k + k* bits, has perfect completeness and accepts a proof of an incorrect statement with
2

probability at most 275 +&.

If we convert the test to be non-adaptive, this test would read 2k + 2k different bits and hence this result
does not strictly dominate Theorem 1.1.
We extend some of our results to non-Boolean domains and in particular we have the following theorem.

Theorem 1.5. For every prime p, the constraint satisfaction problem on k variables over an alphabet of
size p is hard to approximate within ratio pk_o(‘/lz) on satisfiable instances.
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We hope that our results will be useful in future to prove strong hardness results for approximate
graph coloring. One such result by Khot [9] is

Theorem 1.6. [9] There is an absolute constant ¢ > 0 such that it is NP-hard to color a k-colorable
graph with k¢1°¢* colors.

Actually this result can be proved from the original form of the Samorodnitsky-Trevisan’s result and
perfect completeness is not strictly required. But using our PCP with perfect completeness, this result
becomes more straightforward. On a related note one can observe that perfect completeness is essential
in the hypergraph coloring results by Guruswami, Héstad and Sudan [6], and in general it is a subtle
problem which coloring inapproximability results require perfect completeness in the underlying PCP.

1.1 Overview of the paper

This is the complete version of the extended abstract [8]. The paper is organized as follows. Section 2
introduces techniques used in this paper. In Section 3 we give our results for the Boolean case: Section
3.1 gives our basic 5-bit test, and Section 3.2 describes our iterated tests. Section 4 extends some of the
results of Section 3 to non-Boolean domains. Section 5 concludes with a few remarks.

2 The general setup

In this section we provide the necessary background.

2.1 Notation

Throughout the paper, we have Boolean functions in 41 notation with —1 as logical true. We use
multiplication to denote exclusive-or, A for the logical AND function. As we use —1 to denote true we

have
_lt+x+y—xy

2
Our default is that AND is highest level connective and in particular

x Ay = AND(x,y)

xy Azw = (xy) A (zw).

Addition is used only over the real and complex numbers.

2.2 The 2-prover protocol

Many efficient PCPs, such as the one given in [12] are conveniently analyzed using the formalism of an
outer and inner verifier. This could also be done here, but to avoid too much formalism we give a more
explicit analysis. Using the results of [1] (as explicitly done in [4]) one can prove that there is a constant
¢ < 1 such that it is NP-hard to distinguish satisfiable 3-SAT formulas from those where only a fraction
c of the clauses can be simultaneously satisfied by any assignment. This formula can furthermore have
the property that any clause is of length exactly 3 and any variable appears in exactly 5 clauses.
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Given a 3-SAT formula ¢ = C; AC, ... AC,, which is either satisfiable or where one can only satisfy a
fraction c of the clauses, one can design a two-prover interactive proof system with verifier V as follows.

Basic two-prover protocol

1. V chooses a clause C; uniformly at random and a variable x;, again uniformly at random, appear-
ing in Cg. V sends k to prover P; and j to prover P;.

2. V receives a value for x; from P, and values for all variables appearing in Cy from P;. V accepts if
the two values for x; agree and the clause Cy is satisfied.

It is not difficult to see that if a fraction ¢ of the clauses can be satisfied simultaneously then the
optimal strategy of P; and P, convinces V with probability (2 + ¢)/3. Thus it is NP-hard to distinguish
the case when this probability is 1 and when it is some constant strictly smaller than 1. Note also that if
we start with a formula where each variable appears the same number of times, V could first choose a
random variable and then a random clause containing that variable and get the same distribution.

To make the gap larger, one runs this protocol u times in parallel resulting in the following protocol.

u-parallel two-prover protocol, 2PP(u)

1. V chooses u clauses (Cy, )%, uniformly at random and for each i, V chooses a variable x;,, again
uniformly at random, appearing in Cy,. V sends (k;)%_, to prover P; and (j;)¥_, to prover P;.

2. V receives values for (x;,)¥_, from P> and values for all variables appearing in (Cy,)_, from P;. V
accepts if the two values for x;, agree for each i and all the picked clauses are satisfied.

We let U denote the set of variables sent to P», i.e., (x;,)¥_, while the set of variables that P gives
values to is denoted by W. Note that U C W.

By the fundamental result by Raz [11], the probability that the verifier accepts in 2PP(u) when only a
constant fraction ¢ < 1 of the clauses can be simultaneously satisfied is bounded by d} for some absolute
constant d. < 1. Let us formulate these properties for future reference.

Theorem 2.1. Let 2PP(u) be the u parallel version of the basic two-prover protocol. Then if only a
fraction ¢ < 1 of the clauses of ¢ can be simultaneously satisfied, then no strategy of P, and P> can make
the verifier accept with probability greater than d. Here d. < 1 is a constant that only depends on c.

2.3 Long codes

To turn the protocol 2PP(u) into a written proof that can be checked very efficiently, it is natural to, for
each question to either P; or P>, write down the answer in coded form. As many other papers we use the
long code introduced by Bellare et al [3].

Definition 2.2. The long code of an assignment x € {—1,1}’ is obtained by writing down for each
function f: {—1,1}} — {—1,1}, the value f(x).

Thus the long code of a string of length ¢ is a string of length 22, Note that even though a prover is
supposed to write down a long code for an assignment a cheating prover might write down a string which
is not the correct long code of anything. We analyze such arbitrary tables by the Fourier-expansion.
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2.3.1 Fourier Analysis

In this section, we explain the basics of the Fourier method. Let

F={f {11} = {-11}}

and consider the vector space of all “tables” A : ¥ — R. Here the addition of two tables is defined as
pointwise addition and the dimension of this vector space is |F| = 22, One can define a natural inner
product on this space by letting the inner product of two tables A; and A, be

<AAy> =277 Y Al(f)Aa(f)
f

For o C {—1,1}, let x4 be a Boolean-valued (i.e., {—1, 1 }-valued) table defined as

xa(f)=]]fx) VfeT

xea

The ) are called characters. The characters are multiplicative, i.e.,

Xa(f1.12) = Xa(f1) Xa(f2)-

The characters are in fact symmetric in & and f but as we have used set notation for ¢ we have

Aoy (f)XOcz (f) = Xoy oo (f) (2.1

where o @ o is the exclusive-or of the characteristic vectors of the sets ¢ and . Put differently,
a1 P oy is the set which is the symmetric difference of o and .

The set of characters (there are 22 of them) forms an orthonormal basis for the vector space. Thus
any table A can be expressed as

A(f) = Z Aala(f)7

ag{_lvl}t

where A, are real numbers called Fourier coefficients; they can found as

Aa = <A xa>= 22 Y A(f)xalf).
f

If A is Boolean valued, we have Parseval’s identity ZaA%c = 1. If A is indeed a correct long code of a
string x() then A (0 = 1 while all the other Fourier coefficients are 0.

In our protocols we pick function uniformly and then often perform an analysis using the Fourier
expansion. The following lemma is simple but powerful.

Lemma 2.3. Assume that f is picked with the uniform distribution then for o # 0,

E¢[xa(f)] =0

while
Erlxo(f)] = 1.
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Using this lemma together with (2.1) enables us to compute the expected value of products of char-
acters in a simple way.
We can, to a limited extent, put some restrictions on the tables produced by the prover.

Definition 2.4. A table A is folded over true if A(f) = —A(—f) for any f.

Definition 2.5. A table A is conditioned upon a function 2 : {—1,1} — {—1,1},if A(f) =A(f Ah) for
any f.

To make sure that an arbitrary table is folded we access the table as follows. For each pair (f,—f)
we choose (in some arbitrary but fixed way) one representative. If f is chosen, then if the value of the
table is required at f it is accessed the normal way by reading A(f). If the value at —f is required then
in this case also A(f) is read but the result is negated. If — f is chosen from the pair the procedures are
reversed.

Similarly we can make sure that a given table is properly conditioned by always reading A(f A h)
when the value for f is needed. Folding over true and conditioning can be done at the same time.

Let us now give the consequences of folding and conditioning for the Fourier coefficients. The
proofs are easy and left to the reader but they can also be found in [14].

Lemma 2.6. IfA is folded over true and Aq # 0 then || is odd and in particular @ is non-empty.
Lemma 2.7. IfA is conditioned upon h and Ay, # O then for every x € a, h(x) is true (i.e., h(x) = —1).

We will be working with sets U and W with the property that U C W and we let 7 : {—1,1}" —

{—1,1}V be the projection operator that maps an assignment on W to its subassignment on U. For every
BC{-1,1}", let (B) C {—1,1}Y be defined as

n(B)={x(y) |y € B}

We also need an operator 7, defined as follows : for any B C {—1,1}W, m(B) C {—1,1}Y is the set of
those x which have an odd number of preimages in 3, i.e.,

m(B)={x|xe{-1,1}Y, |Bna ' (x)|is odd}.

Note that these projection operators depend on the identities of U and W but as no confusion is likely to
arise we suppress this fact.

A function f with domain {—1,1}Y can naturally be extended to domain {—1,1}" by simply using
the value f(7(y)). We use the same symbol to denote this extended function and hope that no confusion
arises. We have the following simple lemma.

Lemma28. Let B C {1, 1}V, UCWand f:{-1,1}V — {—1,1}, then

X8 (f) = Xm(p) (f)-
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3 Efficient PCPs for Boolean domains

In this section we convert 2PP(u) to a PCP. We eliminate the provers by asking the prover to write down
the answer to each question (in encoded form). Furthermore, remember that U is the set of u variables
which are sent to P, in the two-prover protocol. For each possible set U we ask the prover to write a
table, Ay, which is supposed to be the long code of the answer by P> on question U. We assume that Ay
is folded over true.

Similarly W is the set of variables in the u clauses sent to P; and let ¢ be the conjunction of the
clauses chosen. In the PCP we have a table, By, which is a supposed to be the long code of the answer
of P, on question W. We assume that B is folded over true and conditioned upon @y .

3.1 Our basic test
We have the following basic test, defined using the conventions above.

Basic PCP
1. V chooses U, W and ¢y as in 2PP(u).

2. V chooses two functions f and ' on U uniformly at random (i.e., f, f": {—1,1}Y — {—1,1}).

3. V chooses two functions g and g’ on W uniformly at random (i.e., g,g": {—1,1} — {—1,1}). V
defines a third function & by setting, for eachy € {—1,1}W, h(y) = g() f(m(»)) (&' ) A f (7 (¥))).

4. V accepts iff By (h) = Bw(g)Au (f)(Bw(g') NAu(f))-
We have the basic completeness lemma.
Lemma 3.1. The completeness of the basic PCP is 1.

Proof. In a correct proof of a correct theorem each table is a correct long code of a restriction of a given
global assignment to the set in question. If we denote this assignment by z then By (h) = h(x" (2))
where 7% is the projection onto W and similarly for the other involved functions. The completeness
now follows from the definition of 4. O

The main problem is to establish soundness.

Lemma 3.2. [fthe verifier in the basic test accepts with probability (1+ 8) /2 then there exists a strategy
for Py and P> in 2PP(u) that makes the verifier accept with probability 89U In particular if the protocol
2PP(u) is chosen to have sufficiently small soundness (by choosing u large enough), then the verifier in
the basic test accepts with probability at most (14 9) /2.

Proof. For readability we drop the subscripts and use A instead of Ay and B instead of By. Consider
the expression
1+ B(h)B(g)A(f)(B(g') NA(f"))
5 .
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This expression is 1 if the test accepts and O otherwise. Hence the probability of acceptance for the
test is the expectation of this expression over the choice of f, f’,g,g’,U, and W. The hypothesis of the
lemma implies that

Ef proquw(B(h)B(g)A(f)(B(g") NA(f')] = 6. 3.1)

Fix U,W, f’ and g’ and let us study
Efg[B(h)B(g)A(f)]-

Replacing each function by its Fourier expansion we see that this equals

Y BpBpAEso[xp (F8(f Ng)) g (&) X F)]-
/31 ,ﬁz,d

which, using (2.1) and Lemma 2.8, can be simplified to

Y. B BpAaEsglxp (f' A& )xpiap ()X (pywa (f)]- (3.2)
ﬁl 7ﬁ2wa

Using Lemma 2.3, the inner expected value is 0 unless f; = B, = 8 and m(f) = o and otherwise it is
1. Thus the expected value in (3.2) equals

and hence we need to analyze
Ep gl (f' A&)(B(g) NA(S))] (3.3)

We have a Ab = }(1+a+b—ab) and thus (3.3) equals

% (Elxp(f' NN +Exp(f A B +Exp(f NgA )] —Elxp(f Ag")B(ENA(S)])  (3.4)

Fix the value of f’ and let
B'={rlyeB A flrl)=-1}

When averaging over g’, the first and third expected values in (3.4) are 0 unless 3’ = @ while the second
and the fourth expected values equal Bﬁ, and BB/A( 1), respectively. To estimate the first and third terms

we note that the probability, over the choice of f7, that B’ is empty is 2-17B)I. For the other terms we set

a={x|xen(B) A fx)=—1}

and use the Cauchy-Schwartz inequality to obtain

1/2
Ep [|Bp|] — o~ |m(B)l Z ’Bﬁrm ol <27 1% (B /2< Z Bﬁﬂﬂ ) <~ 1=B)I/2, (3.5)

oCn(B) oCn(f
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This implies that we get an overall upper bound on the left hand side of (3.1) as
Eyw Zg% ’Anz(ﬁ)|(2—|ﬂ(ﬁ)\ +2—|ﬂ(ﬁ)|/2)] <Eyw [ZE% |An2(ﬁ)‘21—\7f(ﬁ)\/2 ’ (3.6)
B B

and hence this expression is at least 6. We use this to establish good strategies for P; and P,. We first
establish that some parts of the given sum are small. We have the following result from [14, Lemma 6.9]

Ey[lm(B)|'1 < (Bl 3.7)

where c is a constant and in fact ¢ = 31—5 is possible. Note that the expectation is taken only over U and is
true for any W.

Let S5 = (4(6+2logd~")/8)"/¢ and consider any B of size at least S5. Since E[|m(B)|~'] < &/4(6+
2log8~!)~!, we conclude that the probability that |(8)| < (6+21logd~!) is upper bounded by & /4.
Thus for any 3 of size at least Sg we have

Ey[2' ")) < Prijm(B)] < (6-+ 2logs )] 422780 < 0 0 =0
and hence discarding terms with |3| > Ss in (3.6) still keeps a sum of expected value at least & /2.

Furthermore since g Bé = 1 we can discard any term with |A,r2(ﬁ)\ < 6 /4 and not reduce the sum
by more than § /4. We conclude that the sum which is the right hand side of (3.6) is at least 6 /4 even if
we restrict summation to 3 of size at most Sg and such that |An2([3)‘ > 3/4.

Now consider the following strategy for the provers Py and P». On receiving W, P; chooses 3 with
probability élzg and returns a random y € . Similarly on receiving a U, P, chooses a with probability A%X
and returns a random x € a. We note that since A, B are folded over true, by Lemma 2.6, the sets o and
B selected by the provers are always nonempty. Also, since B is conditioned upon @y, by Lemma 2.7,

every y € [ satisfies the formula @y . The success-probability of the given strategy is at least

EU.,W[%:B\%A?Q([})BII]' (3.8)

If we restrict summation to |3| < Ss and |Aﬂ2(ﬁ)| > 0/4, (3.8) is at least

S5'8/4 Euw Y Bj|Azp)
B:|BI<S5:|Ar, (p)|>8/4

and, by the above reasoning, this expected value is at least 0 /4 and we get a lower bound Sgl (8/4)? for
the success probability of the provers. This completes the proof of Lemma 3.2. O

The basic test reads 5 bits (b1, by,b3,b4,bs) of the proof and checks whether bbyb3(bs Abs) = 1
which is same as b} = by ® b3z @ (bs A bs) in {0, 1} notation. Theorem 1.2 now follows by a standard
procedure of replacing the bits in the proof by variables and asking for a proof that maximizes the
acceptance probability.
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3.2 Iterated tests

We now extend our basic test in a query efficient way. We pick one set U and on it we pick k functions
()%, and k functions ( f;)';zl and k sets (W;)¥_, each with its pair of functions (g;,g)). Each W, is
picked uniformly from the set of possible companion in 2PP(u) to the already picked U. Thus for each
1, (U,W,) appears with the same probability as (U, W) in 2PP(u). Note that W, is not independent of Wy
for [ £ I’ as they are companions of the same U.

We perform the basic test for a certain set of quadruples (f;, fj’-, g81,8;)- We give strong analyses in
two cases each utilizing k> quadruples. One is given by the constraint i = j and is analyzed very much
as Samorodnitsky and Trevisan [12] analyzed their tests. We call it the “complete bipartite PCP”.

The other set of k*> quadruples is given by all triples (i, j,[) such that i + j+1 = 0 mod k. The key
property of this set of triples is that any two different triples have at most one coordinate in common.
Hence we call it the “almost disjoint sets PCP”. This analysis, done in the style of Hastad and Wigderson
[15], is substantially simpler and hence we give this proof first.

In either case we get a test that reads 4k + k> bits, has perfect completeness and soundness only
marginally higher than 2%, Theorem 1.1 can therefore be obtained either form Theorem 3.3 below
which analyze the almost disjoint sets PCP or Theorem 3.4 which analyzes the complete bipartite test.

3.2.1 The almost disjoint sets PCP

We first define the test which is an iteration of the basic test studied in the last section. The test depends
on the parameter u used in 2PP(u) but we keep this dependence implicit to simplify notation.

k-iterated almost disjoint sets PCP

1. V chooses U as in 2PP(u).

2. V chooses independently & sets (W;)¥_,, that can appear with U in 2PP(«). Each W, is chosen
with the distribution induced by 2PP(u), i.e., the distribution of the pair U, W, is the same as the
distribution of U, W in 2PP(u).

3. V chooses 2k functions (f;)*_; and ( fj’»)’]‘.:1 on U uniformly at random.
4. Foreach [, 1 <[ <k, V chooses two functions g; and g; on W; uniformly at random.

5. For each triple i, j,/ such that i+ j+/ = 0 mod k define a function A;;; by setting for each y €
{=1, 13", hiji(v) = a1(0) fi(m(3) (g1 () A Fi(7()))-

6. V accepts iff By, (hiji) = Bw, (81)Auv (fi)(Bw, (g)) NAu (f})) for all i+ j+1= 0 mod k.

We have the following theorem.

Theorem 3.3. The k-iterated almost disjoint sets test has completeness 1 and soundness 2K 4 dfz (u),

where d, is the constant from Theorem 2.1 and u is the parameter of the underlying 2-prover protocol.
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Proof. The completeness follows from that of the basic test and we need to analyze the soundness. For
readability let us replace Ay by A and By, by B;. Let Z; denote the set of all triples (i, j,/) such that
i+ j+1=0(modk).

Let Acc(i, j,1) be a variable that indicates whether the test given by the triple (i, j,) accepts, taking
the value 1 if it does and —1 otherwise. Clearly

Acc(i, j, 1) = By (hij))Bi(g)A(fi) (A(f}) ABi(g1))-
Consider

[ FACEI) oy T Accliji (3.9)

(i,j.1)€Zy SCZ (i,j,l)eS

This number equals 1 if the test accepts and is 0 otherwise and thus its expected value is the probability
that the test accepts. The term in the right hand side sum with § = @ equals 1 and to establish the theorem
it is sufficient to establish that any other term is bounded by df? M) Let I be the term corresponding to
S # 0 and let T be the expectation of ITg. We go on to establish strategies for P; and P, which makes
the verifier in 2PP(u) accept with probability |75|°(!). This is clearly sufficient to establish the theorem.

Suppose without loss of generality that (k,k, k) € S and let us fix the values of f;, i £k, f%, j # k and
(Wi, 81,8)) for I # k in such a way that the conditional expectation of ITs remains at least 7. As the sets
in Zj only intersect in one point we can, up to a factor 1, write I'lg as

Acc(k,k,k)  J]  Acclk,j,l) [  Acc(ikl) J] — Acc(i,j.k) (3.10)
(ko d)ES, j 17k (i.k.1)ES,i Ik (i.j.k)ES i, jk

as the rest of the variables are fixed. The three products of (3.10) can be written as A (£;), A?)( f) and
B (g, g,) respectively, for some Boolean functions AW A®) and B,

Expanding the definition of Acc(k,k,k) and using x Ay = W for A(f;) ABi(g)) we see that
(3.10) can be written as the sum of four terms of the form

Bi(hua)A' (f)A” (f1)C(8k-8k), 3.11)

each with a coefficient 1/2, for some Boolean functions A’, A” and C closely related to A("), A and
B, To be more precise

A'(fi) = A(fi)AD (fo),
A" () =AD () or A"(f) =A(FDAP (),
and
C(g8k) = Be(g) BV (gr.8k) or  Clgk.8k) = Bi(ge)Be(gh) B (g, k)-

We want to prove that if the expectation of (3.10) is large then the provers P; and P, in the two prover
game can convince the verifier of that protocol to accept with high probability. To this end we use the
tables in the given PCP to construct strategies for P; and P». We need to be slightly careful since not
all derived tables can be used by a given prover as it might depend on information not available to this
particular prover.
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In the present situation the functions A’ and A” depend only on U and the fixations made and hence
are available for player P; to design a strategy. By is the original long code on W, and hence is useful
for extracting a strategy for P;. Finally C is a function that depends on both U and W, and as this is not
fully known to either P; or P, C is not useful for designing strategies.

Since we only have one remaining object of each type, let us for readability discard the index replac-
ing fi by f, W by W, etc.

We now want to compute the expected value of (3.11) over random choices of f, f’, g and g’
Expanding all factors except A”(f’) by the Fourier transform we get

Y ALBgCyryEs gy [Xa(Hap(8f (' NN 2r(8) 1y (€A ()] (3.12)
aB.yy

Taking the expectation over f we see, using Lemma 2.3, that any term with & # m,(3) vanishes while
if we have equality the expectation is 1. Similarly, considering the expectation over g, we see that only
terms with B = y give a nonzero contribution. Finally, fixing f’ and considering expectation over g’, we
see that only terms with ¥ = BNz~ !(f/~!(—1)) remain nonzero.

This implies that (3.12) reduces to

EU,W.,f, ZA;Q(B)B\ﬂéﬁ’ﬁmn—l(f/—l(_l))A//(fl) (313)
B
and, fixing U and W, let us estimate
Ey | Y Aryp)B6Co pon1 (7 - 1)A"(f) (3.14)
B
Towards this end we have
| Ep(Cpprnir1-A" (T < EpllCspani(pi-1l] < (3.15)
1/2
_ A - 2 A2
27PN G praiay) < 27PN ( )y Cﬁﬁﬂn‘(“')> '
o'Cr(pB) a'Cn(pB)
Substituting this estimate into (3.14) we get the upper estimate
1/2
Z|A§rz(ﬁ)3ﬁ|2_”<ﬁ)'/2< Y Cﬁﬁml(w)) (3.16)
B a'Cr(B)

and applying the Cauchy-Schwartz inequality over f this is bounded by

1/2 1/2 1/2
A2 A2 o 22 A2 A2 A
(%BﬁA;&(ﬁ)z |”(ﬁ)> (Z Cﬁﬁl) < (%‘,BﬁA;rz(ﬁ)Z ﬂ(ﬁ)) ’ (3.17)

ﬁvﬁl
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which is our final upper bound for the absolute value of the expectation of Il when U and W are fixed.
As E[X?] > E[X]? we have

2
Eyw >Eyw [|Ef,f',g,g' [HSHZ} > Eyw [|Ef,f',g,g' [HS”] > E[IT)* > T7.

A2 A2 A
%‘.BﬁA;rz(B)z |z(B)

The rest of the proof now follows along the same lines as end of the proof for the basic test. In that
proof we had established that the right hand side of (3.6) was large and used this to derive strategies for
the provers. We now have proved that a very similar sum is large. The fact that we have replaced Aﬂz( B)

by A% ) is only to our advantage. As A’ is a derived table we cannot make sure that it is folded over

true and thus when P, picks o with probability Ag the set oo might be empty. In this case P> might return
any assignment and we assume that the verifier rejects in this case. This does not disturb the analysis as
B is folded over true and hence |f| is odd which implies that 7, () is nonempty. O
3.2.2 The bipartite graph test

In this section we study the following test.

k- iterated bipartite graph PCP

1. V chooses U as in 2PP(u).

2. V chooses independently k sets (Wl)f‘:l, that can appear with U in 2PP(u). Each W, is chosen
with the distribution induced by 2PP(u), i.e., the distribution of the pair U, W, is the same as the
distribution of U, W in 2PP(u).

3. V chooses 2k functions (f;)%_, and (f/)_; on U uniformly at random.
4. Foreachl, 1 <[ <k,V chooses two functions g; and g; on W, uniformly at random.

5. For each pair i,/ define a function /; by setting foreachy € {—1, 1}, by (y) = g,(y) fi(x(»)) (g (y) A
fi(m»))).

6. V accepts iff By, (hy) = By, (g1)Au (fz)(BW, (g;) /\AU(fi/)) forall1 <i,l <k.

We have the following theorem.

Theorem 3.4. The bipartite graph test has completeness 1 and soundness 2K 4 d? ),

Proof. The completeness is again not difficult and we leave it the reader to verify that indeed V always
accepts a correct proof for a correct statement.

In the analysis of the soundness let us use notation similar to the one used in the previous proof, e.g.,
writing B; instead of By, and A instead of Ay. Also define

Acc(i,l) = B;(ha)Bi(g1)A(f;) (A(f}) ABi(g))),
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which is 1 if the test involving A;; accepts and —1 if the test fails. Now we want to calculate the expected
value of
1+ Acc(i,l)

_H f’:z*kz y _H Acc(i,l). (3.18)
(i,1) k] x k] SClk]x[k] (i,))€S

Let T be the expectation of the product for S and the goal is again to, for any nonempty set S, give a
prover-strategy with success rate \TS|O(1). We start by, as already done in [12], reducing to the case of
special S and let 754 be the result when S is the edge set of the complete bipartite graph on [2] x [d].

Lemma 3.5. [12] For any nonempty S, there is an integer d such that |Ts| < |Try| 172,

Proof. As all coordinates are treated symmetrically me may, without loss of generality, assume that
(1,1) € S and that (1,2),...(1,d) are the other vertices in S connected to 1. Let us divide our random
choice of (f;, f/,81,8))ii=1..x into X given by choice of (fi,f]), and ¥ given by choice of the rest. Let
S be the subset of S given by (1,1),(1,2)...(1,d). Then

d
EX,Y[H Acc(i,l)]:EX,Y[HACC(LZ)- H Acc(i,l)] =
(i,l)es =1 (i,1)eS\Si

Exy[F(X,Y)G(Y)] = Ey[Ex[F(X,Y)]G(Y)]

for some functions F and G with values in {—1,1}. Now applying Cauchy-Schwartz inequality this can
be bounded by

VEEFED)EGE?] < /Erl(ExlF (7)) =

\/EY[EXI [F(X17Y)]'EX2[F(X27Y)H = \/EXI X2,Y le ) F(X27Y)]

where X, X, are identically distributed as X and are independent The proof is completed by the obser-
vation that F(Xy,Y) - F(Xp,Y) is equal to [T/, Acc(1,1) - [T, Acc(2,1), which is exactly the same as
Ty where S’ is a complete bipartite graph on [2] x [d]. O

Thus it is sufficient to find a good strategy based on |T>,4| being large. Using the definition of Acc
and cancelling the factors B;(g;) that appears exactly twice, we have

Iy=E

d
[ 1B:(h1)Bi(han) A(fD)A(f2) (A(fD)A(f2) A By (gQ))] (3.19)

=1

The function g; affects T>4 only through hy; and hy; and replacing B;(hy;) and B;(hy;) by their Fourier
expansions we see that

Eg[Bi(h)Bi(hu)] = Y, BipBig,Eg 1 (81/1(g1 A1) X, (81/2(81 A f2))] =
B1.B2

Y Bl gap(fif2)xs(f1f518)- (3.20)
B
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Substituting this into (3.19) we get

d

I1 (Zéiﬁ,xﬁ, (fif2)xp (fifs Agé)) A(MAL)((AMA(S)) ABi(g)) (3.21)
Bi

=1

E

Let us now consider the expectation over f] and f>. If d is even then the dependence of (3.21) on fi
and f; is of the form

d
[Txs (f12)
=1

which has expected value 0 unless @7 (f;) = 0 while the expectation is 1 if we have equality.
If d is odd, then the dependence of f| and f> is of the form

d
A(fAR) [T 28, (f112)-
=1

Replacing A(f1) and A(f,) by their Fourier expansions we see that the expectation of this with respect
to f1 and f> equals A%‘ where
o= om(B).
Now let us turn to analyzing the rest of (3.21). First note that
d d

[TAUDA) ABi(g1)) = (ARAS) AT T Bi(8r)-

=1 =1

We have (xA\y) = HLW and we are now ready to consider the expectation over f] and f; and g;. We
have expressions of the form

U

d
AUDAE) T Txs (1 A eD([TBien)’ (3.22)
=l =1
fora,b € {0,1}. Now, view
d
C(g1,85---8) = ([]Bi(s))"
=1

as a Boolean function with Fourier coefficients é% ,...a» and thus (3.22) equals
d
Y (AUDAU)) Crpa ] T s (L A 8D 2 (80)- (3.23)
NP =l

Let &' = U4 (). For a fixed choice of f]f; = f’ we get a nonzero expected value over (g))¢_, iff

v = Bna'(f~1(—1)) for all /, giving a unique non-zero term. Defining yl'B /" to be this value we get

IN

(3.24)

d d
Ef 1.6, ghg) [(A(fll)A(le))aITlXﬁ, (fifan gf)(HBz(é’?))b]
]:

=1

212, (3.25)

IN
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where the last inequality follows from Cauchy-Schwartz’s inequality using a similar calculation to that
in (3.5). This means that in the case when d is even we get the upper estimate

Y H32 2711/ (3.26)

&1 (Br)=0

for |T>4| while in the case when d is odd we get

XU

A o T1B 271912, (3.27)
=1

where in both cases we have o' = U ().
Strategies for the provers can now be defined as follows. P; upon receiving W, picks 8 with proba-
bility E% and returns a random y € . P, upon receiving U picks d — 1 random W, [ = 2...d and picks

Bz, - .. Ba with probability TT%, E% p, and computes o’ =& ,m(B;). If d is even P, returns a random

x € a. If d is odd P, also picks o with probability A2 and returns a random element in o’ ® . Note
by folding, in both cases the defined set is of odd cardinality and hence it is not empty.
The probability of success is, in the case of even d, at least

)y HBz 518! (3.28)

©im2(Br)=0

and in the case of odd d it as at least

d
Y A% L Ué TN (3.29)

Using (3.7) these probabilities can be related to expressions (3.26) and (3.27) in a way similar to the
basic proof case. We omit the details. The result is that the verifier in 2PP(u) accepts with probability
|T54|°(") and the theorem follows. O

3.2.3 Adaptive tests

In this section we prove Theorem 1.4 by defining a suitable adaptive test. The theorem then follows from
analyzing the completeness, which is done in Lemma 3.6 and the soundness which is done in Lemma 3.7
Guruswami et al. [7] give an adaptive test reading three bits that has perfect completeness and soundness
% + € for any € > 0. The non-adaptive version of this test has the same parameters except that it reads
4 bits. The natural iterated test based on this test reads 2k + k2 bits in the adaptive setting and 2k + 2k>
bits in the non-adaptive setting. It has perfect completeness and it turns out that soundness is essentially
2+ also for this test.

Thus its parameters, when adaptive, are the same as those of the test of Samorodnitsky and Trevisan
while achieving perfect completeness. As sketched in [8], this test can be designed and analyzed with
the same basic two-prover protocol as the previous tests but the construction turns out to be technically

THEORY OF COMPUTING, Volume 0 (2005), pp. 1-30 17



J. HASTAD, S. KHOT

simpler if we modify the two-prover protocol. We do this to obtain the property called “smoothness”
in [10]. We need that for two different answers by P;, with high probability the answers by P, causing
acceptance are also different. This is achieved by sending a large number of identical clauses to both
provers.

u-parallel two-prover protocol with T factor extra clauses, 2PPe(u, T)

1. V chooses Tu clauses (Ci,)™, uniformly at random. Then he randomly selects u clauses (C;,)',
out of these Tu clauses and randomly selects a variable x;; from each clauses C;,. He sends (ki)l.T:“1
to prover P; and to prover P, the u chosen variables (x ji);‘: | together with the (T — 1)u clauses
not selected.

2. V receives values for u chosen variables (xj,)¥_, from P, as well as 3(7 — 1)u values for the
variables in the clauses sent to P. V also receives 3Tu values from P, to the variables in the
clauses sent to P;. V accepts if no two values are inconsistent and all the picked clauses are
satisfied.

We again call the sets of variables sent to the two provers U and W, respectively. Note that this time
U is of size u(3T —2) and W is of size 3uT while as before we have U C W. Note also that for each
fixed set of (T — 1)u clauses sent to both players, we have an instance of the 2PP(u«). This implies that
the soundness of 2PPe(u, T') is at most that of 2PP(u) and in particular it is upper bounded by d.

We now describe the PCP. It depends on the parameters u and 7 but has also additional parameters
k and €. For notational convenience we suppress the former.

k-iterated non-adaptive PCP of bias ¢
1. V chooses U as in 2PPe(u,T).

2. V chooses independently k sets (Wj)’;: |» that can appear with U in 2PPe(u, T'). Each W; is chosen
with the distribution induced by 2PPe(u,T), i.e., the distribution of the pair U, W; is the same as
the distribution of U, W in 2PPe(u,T).

3. V chooses k functions (f;)%_, on U uniformly at random and reads the bits Ay (f;).

4. For each j, 1 < j <k, V chooses a function g; on W; uniformly at random and reads the bits

5. For each pair i, j define a function /;; by setting, independently, for each y € {—1,1}, h;;(y) =
—1 with probability 1 — & and otherwise &;;(y) = 1.

6. For each pair i, j, if A(f;) =1, V checks that B;(g;(fi Ah;j)) = Bj(g;) and otherwise V checks
that B;(g;(—fi Nhij)) = Bj(g;)-

7. V accepts if all tests accept.

Completeness is straightforward.
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Lemma 3.6. The adaptive k-iterated test with bias €, accepts with probability 1, i.e, it has perfect
completeness.

Proof. Fix aniand a j. Suppose that we have a correct proof of a correct statement based on the global
assignment z. If A(f;) = 1 then f;(7Y(z)) = 1 and we have

Bj(g;(finhij) = g;(n" () (fi(n” () Nhiy(x" (2))) = g;(x" (2)) = Bj(g;)-
The case A(f;) = —1 is similar. O

We next turn to soundness.

Lemma 3.7. Suppose that T > €7 and we are given a proof that makes the verifier in the adaptive

iterated test with parameter € accept with probability 2% 128 where § > 6. Then we can find
strategies for Py and P, in 2PPe(u,T) that makes the verifier of that protocol accept with probability
at least €*(8 — 6¢€)? /2.

Proof. The proof follows along the same lines as the result for the protocol with £k = 1 given in [7] which
in turn is based on the proof that 3SAT is inapproximable for satisfiable instances in [14].
Let

Acc(i, j) = 5 (1 +A(f)B,(g)B,(g;(fi Nhij)) + (1 = A(fi))Bj(g;)Bj(g;(—fi Nhij))),

N =

which is 1 if the test given by (i, j) accepts and —1 otherwise. We have an expansion like (3.18) and by
the assumption of the lemma implies that we have a nonempty S such that

E

[T Acc, j)] > 26. (3.30)

(i,j)eS

As all coordinates are symmetric we may assume that (1,1) € S. Now fix the values of g; and f; for
i,j > 2 and h;; for (i, j) # (1,1) to any constants without decreasing the expected value obtaining

EU,W] J1:81h1 [ACC(L I)A(l)(fl)B(l)(gl)} >206 (3.31)

for some Boolean functions A(!) and B(). Using the expression for Acc(1,1) we get an expression of
the form

A'(f1)B(g1(fi Ah11))C(g1) (3.32)

or

A'(f1)B(g1(—f1 Ah11))C(g1) (3.33)

whose expectation over the choice of U, fi, Wi, g; and hy; is at least 6. Here A’, B and C are Boolean
functions where B is the original B and A’ is a function only depending on U. Since f is chosen with
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the same distribution as —f we might as well study (3.32) and let us drop the subscripts for readability.
Replacing each function by its Fourier expansion, we get that the expectation of (3.32) equals

Eyw.f.gn

Y ALBCrxa(f)1p (g(fAh))xy(g)] : (3.34)
o,B,y

Taking expectation over g we see that terms with  # y have expectation 0 and thus (3.34) equals

Eyw

Y ALBgCEs s [xa(f)2p((f Ah))]] : (3.35)
o

If @ Z w(B) the expectation over f yields 0 and thus we need to study

EfnlXa(f)xp(f A1) (3.36)

where o C 7(f). Using the definition of the characters (3.36) equals

Egp

H(f(X) I1 (f(x)/\h(y))> I1 ( I (f(x)/\h(y))>] (3.37)
rea yeBOm (x) ren(B)\a \yeprr ! (x)

and as the different x behave independently we can analyze each factor independently. We have f(x) =1
with probability 1/2 and in this case

(f(x)AR(y))) =1,

yepnm—1(x)

while while if f(x) = —1, it has expectation over & that equals (2€ — 1) where s, = |7~ (x) N 3]. We
conclude that the expectation of (3.37) equals

[T GO-@e-19) [T GO+Ee-1™),

xeann(B) xen(B)\o

and defining this expression to be p(a, ), we conclude that (3.35) equals

Evw| Y ALBgCsp(a,B)|. (3.38)
B.aCr(B)

By assumption this expectation is at least § and we need to design strategies for P, and P;.

The strategies of the two provers are the standard strategies. i.e., P» chooses an ¢ with probability
Ag and returns a random x € . Similarly P; chooses a random f with probability 1§123 and returns a
random y € 3. Again A’ cannot be assumed to be folded as it is a derived table. If « is the empty set
we do not care what P, does and we assume in the analysis that the verifier rejects. The table B, on the
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other hand, is the original table and hence  is nonempty and any y € f3 satisfies the selected clauses.
We conclude that the strategy of the provers is successful with probability at least

Eyw

Y Agéﬂm—l] : (3.39)
B.0F£aCr(B)

We need to prove that this is large based on (3.38) being at least 8.
First note that

1/2 1/2
Y 1BsCpl < (Zé;) (Zéﬁ) <1, (3.40)
B B B

and the quantity that multiplies I§‘ﬁ C’ﬁ in (3.38) satisfies

1/2 1/2
| Y, Abp(aB)| < ( Zﬁ)fi’é) ( Y pz(OhB))

acn(B) acn( cn(p)
1/2
g( Y p2<a,ﬁ>> < (1—g)mPI2, (3.41)
acn(f)
To see the last inequality in (3.41) note that the sum equals
1 1
H <((1 —(2e—1)")> + (5 (1+ (26— I)SX))Z) . (3.42)
2 2
xen(B)

The factor corresponding to x in (3.42) is of the form a® 4 b* where |a|+|b| = 1 and max(|al,|b|) < 1—&,
and hence it is bounded by (1 — &) and this gives the bound.
Our redesigned two-prover protocol enables us to control the size of projections nicely.

Lemma 3.8. For any fixed W and B we have

B

Pry2(B)| < |Bll < - (343)

Proof. For the event in (3.43) to happen there must be two different elements of 3 that project to the
same element. There are at most |3|?/2 pairs and the probability that any pair project to the same
element is at most 1/7. This follows since two different elements differ in at least one coordinate and
the probability that a given coordinate does not appear in U is bounded above by 1/7. The lemma
follows from the union bound. O

Let us return to (3.38) and consider the terms corresponding to a fixed B. If || > 22 then using
Lemma 3.8, we see, as T > £, that except with probability 2& we have |(8)| > 2¢2 in which case
(3.41) is bounded by

(1 —8)872 <ef ' <e
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We conclude that

Eyw [ ) AyBgCap(a,B)| <Eyw | Y, BgCp(Pr(|m(B)| <2e7']+e)| <3e.(3.44)
IB[>2¢ 2 aCn(B) B=2e2
It follows that
Eyw A;éﬁé,spw,ﬁ)] > 5 -3, (3.45)
|B|<2e72,0Cm(B)

and we want to bound the contribution from a = 0. Note that if || < 22 then, by Lemma 3.8, except
with probability 2€ each s, is one. In this case

p(0.5) =Pl <e

and we conclude that the total expectation of terms containing & = @ is at most 3¢ and hence we have

Eyw

A’aéﬁéﬁp(a,ﬁ)] > 8§ —6¢. (3.46)
|Bl<2¢2.0+acn(B)

Returning to (3.39) we see that the provers are successful with with probability at least

eZE
D) Uw

AZB
o
B.0#aCn(B),|p|<2e2

Now by the above reasoning we have the following chain of equalities, where all sums are over the set

{B.0#a Cm(B),B <2e2}.

(8—66) < (Euw [LAuBsCop(a.)))’ < Evw [(LAuBsCop(a.B))’] <
Evw | (A28} ) (LEri(ep))| < Euw [LAZB3].

where the last inequality follows from
LY Gr@p <yt
B ach B

where we again used the last inequality of (3.41). We conclude that the verifier in the two-prover protocol
accepts with the given strategies with probability at least £2(8 — 6&)?/2 and the proof is complete. [

4 The case of larger domains
In this section we prove Theorem 1.5. This is done by a natural extension of the protocols from the

previous sections. Before we present our protocols we give some definitions and recall some background
results.
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4.1 Background in the large domain case

Let Z, denote the multiplicative group given by the p'" roots of unity. Let { = ¢X™/P be the basic p'
root of unity. To generalize the Boolean A we define an operation mult( , ) as:

mult(¢',¢7) = ¢,
We have the following useful lemma
Lemma 4.1. For x and y being p'™" roots of unity we have
—1p—1

mult(x,y) = ZnyC i

IOJ

Proof. Suppose y = (. Fix i and consider the inner sum. For i # iy the value is 0 while for i = iy it is
p. This implies that the total sum equals x which is in fact mult(x,y). O

We define long p codes as the natural extension of the long code. Positions are indexed by functions
f:{-1,1} — Z, and in the code for x this position takes value f(x).

Let A be a table containing a value A(f) € Z, for every function f: {—1,1}' — Z,. We make the
following definitions for such a table.

Definition 4.2. A table A is folded over true if A({?f) = {“A(f), for0 <a < p—1andall f.
Definition 4.3. A table A respects exponentiation if A(f*) = A(f)? for0 <a < p—1andall f.

Definition 4.4. A table A is conditioned upon a function i : {—1,1}' — {1,} (1 represents false and §
represents true), if A(f) = A(mult(f,h)) for all f.

Now we briefly explain Fourier analysis of long p-codes. For every function ot : {—1,1} — GF(p),
where GF (p) is represented by {0,1,... p— 1}, there is a character y defined as

Xalf)= I f*

xe{-1,1}

Note that a is a “function” rather than a “set” as in binary case and that the transform takes complex
values. We denote by N(a) the set on which o takes nonzero values i.e.,

N(a) = {xla(x) #0}.

Every table A can be written as A(f) = Yo AgXo(f) With Yo JAq|? = 1. We can assume that tables are
folded or conditioned upon a given function by using appropriate access mechanisms. Following are
easy consequences of folding and conditioning.

Lemma 4.5. If A is folded over true and Ay # 0, then Yie(-11y @(x) =1 mod p. In particular N()
is a nonempty set.
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Lemma 4.6. If A is conditioned upon a function h: {—1,1} — {1,{} and Ay # 0, then for every
x € N(a), h(x) is true, i.e., h(x) = .

In this section our numbers are elements of the number field Q({), the rational numbers with the
p'"* root of unity added. We use the homomorphism 6,, 0 < a < p — 1 which has the property that
04(¢") = . For x a p' root of unity we have o, (x) = x“ but this is not true in general.

We have the following straightforward lemma of which we omit the proof.

Lemma 4.7. For x # 1 a p™" root of unity we have

p—1
Z o,(x) =0.
a=0

Finally define
tp(B)(x)= ), PB(y)modp

yen 1 (x)

as generalization of m,. Lemma 2.8 generlizes.

Lemma4.8. Let f C{—1,1}V, U CWand f:{-1,1}V — Z,, then
X8 (f) = Xz, (8) (f)-

4.2 The basic test

We first define the basic test which is completely analogous to the binary case. We assume that tables
A,B are folded over true and respect exponentiation. The table B (supposed long p-code on W) is
conditioned upon the CNF formula ¢y .

Basic mod p PCP
1. V chooses U, W and ¢y as in 2PP(u).
2. V chooses two functions f and f’ on U, taking values in Z,, uniformly at random.

3. V chooses two random functions g and g’ on W taking values in Z,, uniformly at random. V defines
a third function & by setting for each y € {—1,1}V, h(y) = g(v) f(n(y)) mult(g'(y), f' (7 (y))).

4. V accepts iff B(h) = B(g)A(f) mult(B(g'),A(f)).

Obviously the completeness of the basic test is 1 and we turn to the soundness.

Lemma 4.9. If the verifier in the basic test accepts with probability (1+ &)/ p then there exists a strategy
for Py and Py in 2PP(u) that makes the verifier accept with probability p~() §O(1),
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First note that
B(h)"'B(g)A(f) mult(B(g"),A(f"))
is a p'" root of unity which is 1 iff the test accepts.
This implies, under the hypothesis of the lemma and using Lemma 4.7, that

p—1

Euw,g.rggl Y, 0a(B(h)'B(g)A(f) mult(B(g'),A(f")))] = §.

a=1
Using 4.1 and the fact that our tables respect exponentiation we see that

—1p—1p—1

Evw.r.res Z )3 ZB JA(F)B(g"")A(S*)E "] = pé.

=0 c=0a=

We conclude that there must be some value of (a,b,¢) such that

|Euw,g.p g B(h) “B(g")A(f*)B(g"“"),A(f“)]| = p28. 4.1)

Replacing (h,g, f,&, f') by (h%, g%, £, &', f) preserves probability and hence changing the value of c,
we can without loss of generality assume that a = 1.
Fix U,W, f" and g’ and let us study

Eyr¢[B(h™")B(2)A(f)] (4.2)
Replacing each function by its Fourier expansion we see that this equals
Y, BpBpAaEs[xp (f ¢~ mult(f',¢") ") x, (8) xa(f)]-
BB
The inner expected value is O unless f8; = 3, and 7, (1) = & and hence (4.2) equals

ZBﬁA g2 (mult(f',g")7"). (4.3)

Returning to (4.1) we need to analyze

Ep o [xp(mult(f',¢") " )B(g"")A(f)]. 4.4)

Fix the value of f’. When b = 0, averaging over g’ gives 0 unless f'(7(z)) = 1 for all z € N(f3). The
probability of picking such an f” is p~1#V(B)) Now consider the case when b # 0. Define B’ as follows
: for every y, B/(y) = b~'e(y)B(y) where f'((y)) = {¢W). Averaging (4.4) over g’ yields By A(f).

We note that f’s which are different on 7(N(f)) give different B’. Let Ag be the set of all possible
B’. We have |Ag| = p!*NB)I and over all the choices of f', every B’ € Ag occurs equally often. Using
this observation and applying Cauchy-Schwartz inequality gives

|Ep[BpA(f)| < Epl|Bpl] = p "VPIY 1By <
ﬁ,GAﬁ
1/2
p—|7f(N(ﬁ))|/2 Z |él3"2 < p—|7f(N(ﬁ))|/2.
ﬁ,EAﬁ
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This implies that we get an overall upper bound on the expectation of (4.1) as
Euw Z |BB |2 ’Anp(ﬁ)’ pflﬂ(N(B))l/2 )
B

Now we can extract prover strategies in a similar way as in the proof of Lemma 3.2, making use of
(3.7). A minor difference is that now o ( ) are functions and not sets. The provers pick & ( B ) with
probability A ( E% ) and pick a random x € N(a) (arandom y € N(§) ).

4.2.1 Iterated tests

The basic test in the previous section can be iterated in a way similar to the Section 3.2. We have only
attempted the simpler analysis of almost disjoint sets and this is what we present here.

4.2.2 The almost disjoint sets test
We first define the test which is an iteration of the basic test studied in the last section.
k-iterated mod p almost disjoint sets PCP

1. V chooses U as in 2PP(u).

2. V chooses independently & sets (W;)¥_,, that can appear with U in 2PP(u). Each W, is chosen
with the distribution induced by 2PP(u), i.e., the distribution of the pair U, W, is the same as the
distribution of U, W in 2PP(u).

3. V chooses 2k functions (f;)%_, and ( fj’-)’;: , on U taking values in Z, uniformly at random.

4. Foreach I, 1 <[ <k, V chooses two functions g; and g; on W, taking values in Z, uniformly at
random.

5. For each triple i, j,/ such that i+ j+/ = 0 mod k define a function A;;; by setting for each y €
(=113, hiji(y) = &1 () fi(m(y)) mult(g] (), £1(x(3)))-

6. V accepts iff By, (hiji) = Bw,(g1)Auv (f;) mult(Bw, (g)),Av (f})) for all i+ j+1 =0 mod .

We have the following theorem.

Theorem 4.10. The almost disjoint sets test in Z, has completeness 1 and soundness p_k2 + po(l)df2 (”),

where d. is the constant from Theorem 2.1.

Proof. The completeness is obvious and we need to analyze the soundness. To this end let
Acc(i, j,1) = Bi(hiji) ' Bi(g1)A(f;) mult(A(f7),Bi(g7)),

which is 1 if the test associated with (i, j,[) accepts and otherwise it is a different p* root of unity.
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Let Zy be the set of all triples (i, j,/) with i+ j+ 1= 0( mod k) and let § € GF(p)k2 be a vector
whose coordinates are indexed by the triples in Z;. We have

H Z;é(Acc(i,j,l))“ :psz Z H (Acc(i,j,l))s(i’j’l).

(i,1.1)EZ0 P SeGF (p)® (i.0:1)€2

By Lemma 4.7 this expression equals 1 if the test accepts and is 0 otherwise and thus its expected value
is the probability that the test accepts. The term with § =0 is 1 and to establish the theorem it is sufficient
to establish that any term with S # 0 is upper bounded above by po(l)df.2 ) Let T be the expected value
of the term corresponding to S. We go on to establish a strategy for P; and P, which makes the verifier
in 2PP(u) accept with probability p~()| 75|01,

Suppose without loss of generality that S(k,k,k) = r # 0 and fix the values of f;, i # k, f}, j # k and
(Wi, 81,8)) for [ # k in such a way as not to decrease |Ts|. Since we only have one remaining function of
each type let us for readability discard the index.

By Lemma 4.1 and from the fact that any other triple intersects with the given triple in at most one
place we conclude that Ty, after the above fixings, can be written as the sum of p? terms of the form

B(h)""A'(f)A"(f)C(g,8"), (4.5)

each with a coefficient of complex absolute value 1/p. Here A’, A”, B, and C takes values which are p'"
roots of unity. We conclude that there is such an expression of the form (4.5) whose expectation over
U,W.h,f,f g and g is at least | Ts|/p.

Here A’ and A” are functions that only depend on U and hence might be used to extract strategy for
P,. B is the original long p-code on W = W;, and hence is useful for extracting strategy for P;.

We now want to compute the expected value of this expression over random choices of f, f’, g and
¢'. Expanding all factors except A”(f”) by the Fourier transform we get

Y ALBgCyyE[xa(f)2-rp(gf mult(f,g")xy(g) 2y (8")A" (f)]. (4.6)
aByy

Now taking the expected value over f we see that unless o = rm,(f3) the term is 0. Similarly we need
y=rB. Fix f" and define 8’ as follows : for every y, B'(y) = re(y)B(y) where f'(n(y)) = £0). With
this definition, we have

x—rp(mult(f,8") = 2 p(g)
Thus unless ¥ = B/, the expectation is 0. Thus (4.6) equals

ZA,rﬂp(ﬁ)éﬁéﬁ,ﬁ’A//(f/) 4.7
B
Note that B’ is uniquely determined by 8 and f’ and functions f’ which are different on (N(f)) give

different B's. Let Ag be the set of all possible 8’s. We have |Ag| = pIPWB)Il and over all the choices of
f', every B’ € Ag occurs equally often. This implies that

|EplCppip A" ()] < EpllCppipmll < (55
p VB Y (G < prENEIRCY (g 5 [2)12,
B/EAB B’GAI}
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Substituting this estimate into (4.7) and using Cauchy-Schwartz inequality over B we get the upper
estimate

1/2

1/2 12
<Z|BB| Arrip) P “”)) Y, Gppl| < @IéﬁZIA’,E,,w)Fp—'”(N(ﬁ)))

ﬁvB/GAﬁ

for |Ts|/p. The same strategy as defined in the basic test now makes the verifier accept in 2PP(u) with
probability p~?()|Tg|%() and the theorem follows. O

5 Conclusions

We have established that the query efficient test of Samorodnitsky and Trevisan can be extended to
include perfect completeness in several different ways. The tests are simple and the analyses are only
moderately complicated, in particular the proofs using the approach of [15] are fairly straightforward.
All this taken together gives us good hope that, in the not too distant future, we will see more
powerful PCPs with even more applications to inapproximability of NP-hard optimization problems. In
particular the fact that we can include perfect completeness gives hope that stronger lower bounds for
coloring of graphs of small chromatic number could be possible. Clearly to obtain such results obstacles
of other nature need also be overcome. We note that some progress for constant colorable graphs has
already occurred [9], but getting strong results for 3-colorable graphs seems to require new ideas.
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