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Inductive Logic Programing

How can a program automatically find the rule

grandfather(x , y) : parent(x , z) ∧male(x) ∧ parent(z , y)

from examples like this

grandfather(Sven, Pär) 7→ False
grandfather(Pär, Sven) 7→ True
grandfather(Lisa, Sven) 7→ False
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